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1. Introduction

Aktas, de Bodt, and Roll (forthcoming; hereafteDR) argue that declining abnormal returns for
serial acquirers during a program sequence are &g with CEO learning in deal making, and they
propose a theoretical model of CEO decision makingng corporate serial acquisitions in support of
their argument. The ADR model starts by modeling thrget valuation process. During the initial
valuation stage, the acquirer CEO faces a traddeffiveen over- and under-evaluations, such that an
over-evaluation creates ex-post disappointmentpasdible sanctions (e.g., dismissal), whereas dartin
evaluation likely prevents the deal completion. Thedel allows for CEO learning through feedback
received from financial markets, because the imvestactions to successive deal announcementsderovi
signals that CEOs can use to update their bellefsitapotential synergies with other targets. Tharesf
the key hypothesis of the ADR model states thaéstor reactions to merger and acquisition (M&A)
decisions enable the CEO to learn from experiendeadapt bidding behavior in subsequent transaction
Finally, the model predicts that learning CEOs éase (decrease) their bidding aggressiveness feai d
to deal after positive (negative) market reactitmgprevious acquisitions. We test this final prédic
herein.

Several recent articles devoted to serial acqoistinote a commonly reported stylized fact, namely,
the declining trend in acquirer cumulative abnormetiirns (CARs) during M&A programs (Fuller et al.,
2002; Conn et al., 2004; Croci, 2005; Ahern, 2088&ail, 2008), even after controlling for CEO effec
(Billett and Qian, 2008). Fuller et al., (2002),noet al. (2004), Ismail (2008) and Billett and ®Q{2008)
interpret CARs that decline from deal to deal asga of CEO hubris. However, declining CARs are in
fact compatible with several other explanations|uding optimal target picking behavior (Ahern, 8p0
time-varying investment opportunity sets (Klasa &telgemoller, 2007), learning in deal making ($ee t
ADR model), or even just budget-constrained acaslire

To study CEO bidding behavior during corporateaeatcquisition, we focus on a sample of CEOs

who have undertaken two successive deals withiB-mdnth period between 1992 and 2007. The total



number of deals in our sample ranges from 520 @) &8d the CEO sample consists of 191-235 persons,
depending on the measure of the bid premium weTlse=aggregate deal value in our sample ranges from
$453 to $589 trillion.

For our empirical approach, we focus on CEOs, inotsf because ADR consider learning at the CEO
level (for similar approaches, see Billet and Qi2@08; Croci, 2005). Moreover, we adopt a dynamic
setup to explore the determinants of the bid premiBpecifically, the bid premium for the currenatlis
an explicit function of the bid premium from theepious deal. This autoregressive approach enables u
discriminate between learning and growing hubrisheut relying on the use of some proxy for hubris.
By avoiding hubris proxies, we eliminate error-iarable problems (i.e., hubris proxies are oftafiract
measures, subject to measurement errors) and amglbgéssues (i.e., the direction of the causation
between performance and hubris is not well estadudisthe proxies may just pick poorly performing
CEOs). Finally, we use a two-stage Heckman (1976teulure to determine whether our results are
robust to endogenous sample selection biases {s&&l |Prabhala, 2007).

The results are consistent with learning. CEOs apfieacknowledge the signals investors send and
dynamically adjust their bidding behavior from ddal deal. This dynamic adjustment behavior is
economically significant: In reaction to a decreaé®ne standard deviation in abnormal returnsnduri
their previous deal announcement, CEOs typicatiiyice their bids by 2.73% in the subsequent deds Th
shift corresponds to a percentage change of 8% bmoendeal to the next. We also obtain comparable
results using the abnormal return premium (Schvi®96), the actual offer premium (Officer, 2003)da
the four-week premium reported in the Thomson-ReuE®C database. Our results thus are robust to the
inclusion of control variables (e.g., payment mdarget size, acquirer and target Tobiq'satios, deal
relatedness, acquirer corporate governance qudithold, acquirer institutional holding, concetitna).
Furthermore, the results are robust to the timegarhosen to identify successive deals undertélea
given CEO-firm. Finally, we show that the CEO leéagnprocess appears related to the features of the

CEO wage contracts and the importance of the Variedimponent in their total compensation, a finding



compatible with the incentive role that CEO wagatcacts can play in acquisition decisions (Dattalet
2001).

Research on bid premium determinants is expansigkiding the role of the target size, the target’s
book-to-market ratio, the target run up, the presesf a toehold, the acquirer’s status (public rrgie),
the payment mean, and the role of the terminatigreeanent (for a review, see Eckbo, 2009). Our
dynamic model of bidding behavior adds two dimensito these results: (1) CEO bidding behavior is
persistent, such that CEOs who bid high continubidohigh, and those who bid low continue to do so,
and (2) CEOs adapt their bidding behaviors to $&geant by investors after their previous deal.sEhe
results emphasize the importance of the CEO faatmt the role of learning in the context of bid
premiums within the M&A setting.

Our study complements two previous articles thatvigie substantial evidence of learning from
market reactions in the M&A setting. Luo (2005) wisothat the probability of deal completion is a
positive function of the market reaction to the Id@anouncement; Kau et al. (2008) document that
managers listen to the market during M&As when thimcide whether to consummate the deal.
Moreover, the propensity of learning from financiaarkets is more important when managers’
compensation is more sensitive to performance. M¥eefore study the impact of learning on the bigdin
behavior of acquirers to extend Luo’s (2005) and kEgal.’s (2008) analyses of the impact of leagron
deal completion probability.

The remainder of this paper proceeds as followSdation 2, we briefly review recent contributions
pertaining to corporate serial acquisitions, vatueation effects, and acquirers’ bidding behavivve
then introduce the autoregressive model used talesADR model prediction. Section 3 describes our
sample, variables, and empirical methods. We peotlik results in Section 4, then finish with a

conclusion and summary.



2. M&A programs and acquirers’ bidding behaviors
2.1. Value creation

Schipper and Thompson (1983) early emphasizedepetitive nature of acquisitions, showing that
acquisition program announcements can be valugirngeand introducing the concept of an acquisition
program anticipation effect. Market reactions tbsmaguent deal announcements do not representithe fu
value created but instead are merely revisiongefipus investor anticipations. Fuller et al. (20G2onn
et al. (2004), Croci (2005), Ahern (2008), Ism&i0(8), and Billett and Qian (2008) all find a detig
CAR trend during M&A programs. ). Fuller et al.0@), Conn et al. (2004), Ismail (2008) and Billett
and Qian (2008) interpret this clear empirical tagty as a sign of hubris, with the implicit asguiion
that hubris grows from deal to deal.

Croci (2005) uses performance persistence meabaresved from performance attribution literature
to reveal that neither performance persistence dgdeals following good deals) nor performance
reversals (bad deals following good deals) arastitlly significant. Therefore, Croci (2005) cdundes
that CEOs neither possess superior target pickiilly sior are systematically overconfident. Klasala
Stegemoller (2007) offer another argument: In stuglthe relation between growth opportunities and
M&A sequences by individual bidders, they find th4&A sequences correlate with expansions of the
investment opportunity set. The negative acquirBRGrend observed ex-post therefore could reflect a
declining investment opportunity set at the endhef M&A programs. Finally, Ahern (2008) develops a
model of optimal target size choice by the acquiach that as acquirers grow larger, they terchtmse
bigger targets in absolute size, though smallegleims of relative size. This induces declining mesu
from deal to deal. Such empirical evidence suppibiesmodel predictions but provides no support for
hubris or diminishing opportunity sets.

2.2. Determinants of takeover premiums
Auction theory provides theoretical guidance foplexing acquirers’ bidding behaviors, and related

literature introduces models of jump-bidding (Fistnn 1988), toeholds (Burkart, 1995; Bulow et al.,



1999, Betton and Eckbo, 2000; Betton et al., 2009¢rbidding as a consequence of the winner’s curse
(Roll, 1986), the choice of payment means in a exinbf asymmetric information (Hansen, 1987,
Fishman, 1989, Eckbo et al., 1990; Dasgupta and Z804; DeMarzo et al., 2005), features of (formal
informal) auctions by companies (Hansen, 2001), &i&l waves (Rhodes-Kropf and Viswanathan,
2004).

In particular, the bidding behavior of acquirersyntee observed using takeover premiums. Extant
literature documents a long list of determinantshiof premiums. In their synthesis of prior litenatu
Betton et al. (2008) analyze a sample of 4,889robbids for U.S. targets during 1980—2002 to confi
the significant role of target size (i.e., the gthe target, the lower the offer premium), thrgeabook-
to-market ratio (i.e., targets with book-to-markatios higher than the industry median earn a higfer
premium), the target run up (i.e., the higher the up, the higher the offer premium, which Schwert
[1996] qualifies as markup pricing), the toeholé.(ithe higher the toehold, the lower the offempium),
the acquirer’s status (i.e., public acquirers paihér premiums), the deal type (i.e., premiumslaneer
for tender offers than for mergers), and the medmsayment (i.e., cash deals are associated wghehi
premiums). Officer (2003) and Bates and Lemmon 82@0so study the role of termination agreements
and show that premiums are higher in their preseBcene evidence indicates that a target CEO’s
entrenchment and power reduce takeover premiumszgfiaet al., 2004; Moeller, 200%)To the best of
our knowledge though, the dynamics of acquirergldirig behaviors and the impact of learning on
premiums in the course of corporate serial acgoigtremain unexplored.

2.3. Acquirers’ bidding behaviors: The ADR model

Do acquirers adapt their bidding behavior from dealeal during serial acquisitions? Do they learn,
or do they become increasingly infected by hubiis? address these questions, ADR introduce a
theoretical model of CEO bidding behavior during M&rograms. An under-diversified, risk-averse

CEO competes in the market for acquisitions andieslpotential synergies with possible targets, then

1 Because several of the determinants are endogedwoise variables (e.g., means of payments, toehidnination

agreements), Eckbo (2009) emphasizes the needdition with regard to the robustness of some of¢perted results.



attempts to buy those targets, whether through etitiye bidding or direct bargaining. When evalogti
potential synergies, the CEO maximizes his or ker atility function and thus faces a conundrunthi
valuation and offering price are too low, the takeoattempt will probably fail, but if the valuaticand
price are too high, the CEO risks some form of figrimposed by angry shareholders in response to
disappointingex-postresults. Learning thus enters the ADR model asygeBian updating process. That
is, investor reactions to past deal announcemeptesent signals received by the CEO, which helphe
him better assess future potential synergies \aithets. With these market signals, the CEO canawapr
the accuracy of his or her evaluations from deatiéal. Using classical conjugate Bayesian inference
results, ADR show that during the serial acquisiti@quence, learning leads rational CEOs to inereas
their bidding aggressiveness after value-creatieglsd but behave more conservatively after value-

destroying deals. These results can be summarizgdeEguation (1):

0B, (v (SCAR,)) _ 9f, (V) , Vi (SCAR,)
0SCAR, ov; 0SCAR,
where g/ is the equilibrium bidy; is the CEO valuation of the target (obtained by imizing the CEO

: 1)

utility function), SCARIs the signal sent by investdrandt andt — 1 designate the current and previous
deals undertaken by the CEO, respectively.

The essential ingredients of the ADR model thusaarfollows:

- 9B (v)/ov, >0, because in equilibrium, the CEO’s bidding incesasvith the valuation of the
target. This mechanism translates learning intoenagigressive bidding.

- 0V, (SCAR,)/dSCAR, >0, such that the CEO target valuation is a posifivection of market

signals. Through this Bayesian updating processCHO incorporates information sent by investors.
We test whether CEOs learn from deal to deal bpgusi dynamic regression equation to model their
bidding behaviors. The specific regression equatiary from test to test, but the general formhafse

regression equations complies with the followingagtpn:

2 SCARrefers to standardized cumulated abnormal retisess Section 3).



Premium; = ao + a; Premium,_; + a, (Premium,_; x SCAR, ;) + £ Control; + &, 2)
where SCARIs the signal sent by investoiGpntrol is the standard set of control variables commonly
employed in the M&A literature to predict targeepriums,t andt — 1 designate the CEQO'’s current and
previous deals, anids the CEO index. As the main empirical implicatiof Equation (1), we expea} to
be positive in Equation (2), because:

- When investor reactions to the previous deal amitige, the bidding aggressiveness of the learning

CEO increases.

- When investor reactions to the previous deal argatime, the learning CEO becomes more
conservative and reduces bidding aggressiveness.

We also introduce an interaction term between itdepbkemium from the previous deal and market
signals, that is,Rremium,_; x SCAR, ;), because we intuitively expect that the sensjtiof the CEO to
investor reactions depends on her or his biddimgyesmsiveness. The interpretationogfis ambiguous
when the previous deal premium is negative, butfihetion of negative premiums is quite small irr ou
sample (i.e., between 2% and 13%, depending oprémmium measure). We obtain similar results when
we useSCAR;_; without interacting it with the previous deal piem.

This dynamic model of the CEO'’s bidding behavicifers two main benefits in terms of testing the
learning hypothesis introduced by ADR. First, theediction abouta, is specific to the learning
hypothesis. A positivex, coefficient is incompatible with growing hubrisedause hubris-infected
managers do not care about market reactions @afj,, 1986; Jennings and Mazzeo, 1991; Kau et al.,
2008), whereas an increase in bidding aggressisefresn deal to deal (positive; coefficient) is
compatible with both learning and growing hubridtefnative arguments about the pattern of value
creation from deal to deal offer no predictionshn. In particular, Ahern’s (2008) optimal target size
choice argument indicates nothing about the relatietween CEO bidding behavior and investor
reactions to previous deal announcements. Klasa Siedemoller's (2007) time-varying investment

opportunity set theory also is silent with respgedhis dimension of CEO bidding behavior.



Our empirical design is closer to Luo’s (2005) atal et al.’s (2008); they analyze the relationship
between investor reactions at the announcementdefiband the probability of deal completion. Ualik
those investigations though, we focus on the bamium, not the probability of deal completion, asd
market signals, we use investor reactions to th@'€grevious, not concurrent, deal announcement.

Second, our Equation (2) does not rely orearanteidentification of hubris-infected CEOs, because
the prediction ofx, is specific to the learning argument. Our approachhis respect, is free of the main
weaknesses of most hubris proxies, namely, ermvsiiiables (i.e., hubris by its very nature is not
observable, and any proxy offers at best a noisyabte correlated with the latent hubris factor),
ambiguity (are hubris proxies correlated with thegghological trait of interest, or do they just wap
poorly performing CEOs?), and endogeneity (do trexips capture hubris, or does the anticipation of
future results drive the results?).

Predictions about the, coefficient from Equation (2) are more ambigudt¥th learning, we expect
a positiveas, but this expectation is also compatible with grayhubris. A strict increase in bidding
aggressiveness actually implies> 1, which would lead to an explosive represeotatf CEO bidding
behavior from deal to deal. When falls between 0 and 1, the CEO bidding behavigreissistent, such
that CEOs who bid high continue to bid high. Thisult demonstrates the importance of taking into
account the CEO effect when analyzing acquirer ibigidhehavior during corporate serial acquisitions,

though it does not provide clear-cut conclusiorsuabearning.
3. Variables, sample, and empirical methods

3.1. Variables

Bid premium Our analyses focus on CEO bidding behavior. We thsee measures of the bid
premium as the dependent variable: the abnormatrrgAR) premium (Schwert, 1996), and two offer
premiums computed using information from the ThomBeuters SDC database, that is, the actual offer

premium (see Officer, 2003; Gaspar et al., 2008)tha four-week premium.



The AR premium equals the target cumulative abnbretarns from day —42 to the delisting date or
to day +126 relative to the announcement date.ohopaite the daily abnormal returns, we use the Beta-
one model, which subtracts the daily market pddfaéturn from the daily return of each companyin(gs
a classical market model does not alter our results the market portfolio, we use the daily value-
weighted CRSP index, and stock prices come fronCREP database.

We compute the two SDC premiums as follows: Thaiadobffer premium is the ratio of the total
consideration offered relative to the target markadtie estimated 42 days before the announcemést da
adjusted to account for the percentage of shamgsirad. The four-week premium is the premium as a
percentage, defined as the share price offeretidowinning bidder relative to the price of the &rfpur
weeks prior to the announcement date.

Market signals The market signals measure equals the standdrdirmulative abnormal return of
the acquirer around the previous deal announcef®BAR. Similar to our calculation of the AR
premium, we compute acquirer CARs using the Bewiondel (Fuller et al., 2002). Our event window
spans day -5 to day +5, relative to the announcedsr. To capture the strength of the signal bgnt
investors, we standardize the CAR by its standaxdation. The CAR standard deviation corresponds to
the square root of eleven times the variance ofittiy abnormal returns estimated from day —24@ap
—43, relative to the announcement date.

3.2. Sample description

We are interested in dynamic bidding behavior by @EO during corporate serial acquisition
sequences. Our analysis thus focuses on CEO—fiaples, that is, an individual CEO at a particuianf
We define an observation as a sequence of two ssigeedeals completed by the same CEO—firm within
a certain time period. A sequence starts with ttet deal by the CEO and ends after the secondateal
after 12 months, relative to the month of the fitsll. Only sequences of two deals appear in timplsa
When a sequence ends, another sequence startihevitlext first deal of the CEO, and so forth. Werre

to the CEO—firm hereafter using the generic terr@B0.
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To form our sample of observations, we first extfaem the Thomson-Reuters SDC database 5,912
completed M&A transactions that satisfy the follagicriteria:

1. Dealis announced in the period 1992-2007;

2. Both the target and the bidder are listed U.S.dirm

3. The deal size is greater than $1 million and etat least 1% of the acquirer’s market value (see

Masulis et al., 2007); and
4. The necessary information is available in the CR&fbase for both the acquirers and the targets
(i.e., prices, number of shares, and returns).
Next, we select all CEOs identified in the ComptiBieecuComp database during the period 1992-2007,
which includes 5,902 such individuals. Using thi bf CEOs and our initial sample of M&As, we
identify all cases in which the same CEO makessuaressive deals during a time period not exceeding
12 months (we also report results using 6- and gdtmtime frames).

Our sample size depends on the availability ofRepremium, the offer premium, and the four-week
premium? in Table 1, we outline the sample distributionyeyar. When we use the AR premium, we can
identify 315 observations (i.e., 315 CEO-firm cagthat make two successive deals within a 12-month
time frame). These 315 successive deals have leatined by 235 different CEOs. With the actual offe
premium, the sample includes 260 sequences of eatsdindertaken by 191 unique CEOs, and the four-
week premium sample includes 284 sequences by @ifjpeiCEOs. The median deal value falls between
$363 and $383 million, depending on the definitadrthe bid premium, and the corresponding average
deal value is $1.8-$2 billion (which indicates titesence of a few large transactions). The M&A waive
the end of the 1990s is clearly apparent, as i8ha market revival during 2004—2005.

In Table 2, we report the averages and mediansuoftliree premium measures and acquirer
announcement CARs for the two successive transectiodertaken by a given CEO within a 12-month

time frame. The average AR premium is 32.33%, waeef&chwert (1996) and Gaspar et al. (2005) report

% In the multivariate analyses, the availabilitysofme control variables imposes further constraintthe size of our samples.
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average AR premiums of 23% (1975-1991) and 23.499021999), respectively. But their samples
include both successful and unsuccessful transesitivhereas our sample is limited to completed
transactions. This distinction may explain the etiéhce in the average premium reported. The average
actual offer premium is 67.84% in our sample, dliglhigher than the average premium reported by
Officer (2003), who finds an average of 63.41% #&oisample of 2,511 successful and unsuccessful
acquisition bids during 1988—-2000. The average-feeek premium is 40.82% in our sample. Datta et al.
(2001) and Boone and Mulherin (2007) report simiteagnitudes for samples of 628 takeovers (1993
1998) and 308 takeovers (1989-1999), respectivebnsistent with prior literature, the average AR
premium in our sample is substantially lower thae &verages obtained with the two SDC premiums,
because the AR premium reflects not the only tHergrice but also the likelihood of a completed
acquisition (Eckbo, 2009). Since premiums diffebstantially from one measure to the next, we report
our results systematically using all three defimiti of the premium as a robustness check.

Finally, the current deal premium (depls on average lower than the previous deal pranfalealt —

1), but the difference is not statistically sigcdfnt, regardless of the definition of the premiumuse.

We also include the fraction of negative premiumd acquirer CARs for the current and previous
deals in Table 2. The fraction of negative premiumsnore important for the abnormal return-based
premium (13.33% of previous deal premiums are megatompared with the premium measures from
SDC database (between 2.30% and 3.84%). With regandarket signals (CAR), 55% of the previous
deal CARs are negative. The proportion of negatiegket feedback is slightly more important than the
proportion of positive market feedback followingyagsition announcements.

3.3. Empirical methods

We apply some generic choices to all our empideellyses. To avoid feedback effects, we calculate
financial ratios at the end of the year, priorhe fear of the acquisition announcement. Finamaiis
frequently exhibit large outliers (especially whre book value of equity is the denominator). To

mitigate these potential pitfalls, we winsorize fimancial ratios at the 1st and 99th percentiles.
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For industry-related variables, we use the Famadfr&9 industry classification scheme and obtain
standard industrial classification (SIC) codes friitvte CRSP database, which we convert using the tabl
that Kenneth French provides on his Internet ‘siftae Fama-French 49 industry classification scheme
offers some balance across the number of industhiesnumber of firms within each industry, and the
homogeneity of the intra-industry economic activithese are important concerns when controlling for
industry-related determinants of market reactiong&A announcements.

For the statistical test of significance, all répdp-values come from a bootstrap procedure. We use a
percentilet approach, based on case-by-case resampling (BfrdTibshirani, 1993). From the original
data matrix, we draw, with replacements, 1,000 &tomp samples with the same number of observations
as in the original sample. For each bootstrap samy# run the regression with White-adjusted stahda
errors to obtain the heteroskedactic robust Studstatistic of the coefficients for the bootstrapngées.

The adjusted bootstrapstatistics provide the empirical distribution fmwmparison against thestatistic
obtained from the original data. This procedure dpoes bootstrapp-values robust against
heteroskedasticity.

Our multivariate analyses are exposed to two ecetraendifficulties. First, in relation to the panel
data structure of our sample, some CEOs underiekeral sequences of two successive deals (e.g., in
Panel A of Table 1, 191 CEOs undertake 260 seqseocenvo acquisitions within 12 months). These
observations cannot be considered independentagsichal solution would adopt a panel data estintator
adjust the point estimates and standard errorthéocorrelation among observations. However, becaus
the number of observations by CEO is very limited &verage, we have 1.4 sequences of two deals per
CEO in Panel A of Table 1), a panel data estimatmuld reduce the power of our multivariate analyses
especially if we used a fixed effect estimator, abhivould cause losses in the degrees of freedom. As
robustness checks, we also report results for sasuple of observations in which each CEO appedys on

once.

4 http://mba.tuck.dartmouth.edu/pages/faculty/kendhgdata_library.html
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Second, because we focus on completed M&A trarsas;tendogenous sample selection might affect
our analysis. Completed deals involve only auctidmers, which may be more talented or more hubris-
infected than are CEOs who fail to complete an @itipn (Roll, 1986). In our case, this possibility
exacerbated by our focus on CEOs who realize twoessive, significant transactions in a limitedetim
frame. We follow Li and Prabhala (2007) and adoptkinan’s (1979) classical two-stage procedure to
account for sample selection.

In the first stage, we model the probability thagiven CEO will realize a M&A transaction during a
given year using a Probit specification. We thearoituce the inverse Mills ratio (or Heckman’s Larapd
in the second stage regression to control for eeimgs sample selection. To adjust standard emdt®i

second-stage regression, we use the procedurelmesby Greene (2008).
4, Results

4.1. Main results

We present our main multivariate results in Tablétge dependent variable is the bid premium in all
specifications. Column 0 of Table 3 includes, fug purposes of comparison with prior literaturdy ¢dhe
control variables (see the Appendix for the vagathefinitions). Consistent with existing literaturee
find that the target's premium relates negativelyhte target’'s size and the bidder’s toehold (©fficer,
2003; Gaspar et al., 2005; Betton et al., 2009bBEcR009). We also find that acquirers with highbifts
g ratios pay higher premiums, and acquirers withhhiganagerial power (low GIM index) and
institutional ownership pay lower premiums.

Columns 1-6 of Table 3 focus on the determinantshef CEO’s second deal bid premium in a
sequence of two deals. We retain 12 months agnteeftame to identify the two-deal sequence. Fahea
premium definition, we report the results withontlawith the set of control variables. Columnrluse
the AR premium; columns—-& contain the actual offer premium, and columns Ské&w the four-week

premium.
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Whatever the premium definition and without or wétimtrol variables, the coefficient of the previous
deal premium FPremium., ) is always positive, statistically significant,dafar less than 1. In addition,
CEO bidding behavior is persistent, such that C&0a bid high continue to bid high, but those wha bi
low keep bidding low. The acquirer's bidding belwasi vary clearly from CEO to CEO, a result
consistent with either hubris or learning (see iBack). The CEO bidding behavior appears not to be
explosive though; a back-of-the-envelope calcutaesioows for example that the expected AR premium in
the current deal (without control variables anchgsihe sample averages in Table 2) is approximately
32.39% with a sample average of 34.13% for theipusvdeal.

The coefficient of the interaction term between @€0O’s previous deal premium and market signals
for the previous deal is significantly positive atbust against the various definitions of the pteamand
the inclusion of control variables. When investoeact positively to the CEQO’s previous deal
announcementSCAR> 0), the CEO bids more aggressively during theretu deal relative to the
previous deal. When investors sanction the previtasd SCAR< 0), the CEO bids more conservatively
relative to the previous deal. These results a@na@uically significant. For example, for the AR
premium, a decrease of one standard deviationrioraial returns for the previous deal leads the GO
reduce the bid premium for the current deal by exiprately 2.7396. This amount corresponds to a
percentage change of 8% with respect to the prewdeal by that CEO.

To emphasize the economic significance of our tesule estimate the change in AR premium from
one deal to another, conditional on the sign ofntiagket signal at the previous de&0AR and find:

- Conditional on a negative signal from the previdaal, the estimated AR premium in the current deal
is 28.29%. This level represents a percentage ehahg21.03% with respect to the 34.13% average

premium of the previous deal.

® We obtain this number by multiplying the coeffiti@f the interaction variable in column 1 of TaBley the average premium
of the previous deal times minus 1: [0.08 x 34.18¢1)].
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- Conditional on a positive signal from the previdesl, the estimated AR premium in the current deal
is 37.47%, a percentage change of 9.78% with réspece 34.13% average premium of the previous
deal.

These results clearly support learning; the CE@sglihg increases following positive investor reant

and decreases following negative feedbacks fronkehaarticipants.

With regard to the control variables, only targeegetains its sign and significance for the difs
measure of the bid premiums in columns 1-6. Theratbntrol variables are either not significandor
not retain their significance across the differeidt premium measures. These differences with régpec
the results reported in prior literature may reflear use of an autoregressive model that already
implicitly controls for the determinants of the pi@us deal premium.

Even if the results in Table 3 provide substargigiport to the learning concept, we must tackleesom
additional issues to confirm the robustness ofresults. Are the results influenced by endogenaugpée
selection? Are the reportgdvalues biased by the presence of multiple sequeefiee, of two deals) by
the same CEOQOs? Do the results depend on the tamef12 months) chosen to identify successive deals
by the same CEO? Is there any interaction betwesmihg and the CEO’s compensation package? We
explore these questions next.

4.2. Additional analyses
Endogenous sample selectiodost CEOs who engage in M&A transactions are ecacaliy

motivated agents making voluntary decisions (seand Prabhala, 2007). Our sample moreover consists

of CEOs undertaking two deals consecutively inngetframe not exceeding 12 months. Such a sample
definitively is not random across the populatiorC&fOs, which might affect our results?

Therefore, in Table 4, we report results from the aof the classical Heckman two-stage procedure to
control for (potentially) endogenous sample setec{Heckman, 1979). In the first stage, we model th
probability that a given CEO will perform a M&A traaction in a given year using a Probit model. We
use the list of CEOs identified in the ExecuCompadase for the period 1992-2007 and the sample of

M&As described in Section 3.2. The dependent véigha dummy variable that equals 1 when a given
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CEO completes a deal in a given year. The indepgndgiables include size (because acquirer firras a
known to be larger than target firms), the leveragd liquidity ratio (because financially constexin
firms should be less likely to undertake acquisii)p the market-to-book ratio (Shleifer and Vishny,
2003), the liquidity index (which captures the imdity of inter-corporate transactions at the induksvel

and correlates with M&A waves, Schlingemann e{2002]), and the number of deals completed by the
CEO-firm in the previous 24 months (e.g., Schipped Thompson, 1983; Malatesta and Thompson,
1985: Fuller et al., 2002§.)The first-stage probit allows us to compute Heakia Lambda. In the second
stage, we include Heckman’s Lambda (also knowiasnverse Mills ratio) in the ordinary least sqsar
regression to control for sample selection. Thiregion of the first-stage probit is not reportestdin’

Table 4 replicates the set of estimations from @ablThe coefficient of the previous deal premium
variable is again positive and statistically sigraint for all premium measures. The point estimates
close to those reported in Table 3. The same csiocla hold for the interaction variable between
previous deal premium ar®ICAR confirming again the role of learning in CEOsidling behaviors. The
introduction of Heckman’s Lambda does not signifitaaffect the conclusions pertaining to the cohtr
variables, though the target Tobimjgatio appears somewhat more significant. Finample selection
does not appear to be an issue in our case (Hetkinambda coefficient is never significant).

CEO effectSome CEOs in our samples undertake more than apeisee of two deals. For the AR
premium, the sample encompasses 315 observation23f® unique CEOs, or an average of 1.34
sequences of two deals per CEO (see Section 3&2atWin similar ratios of CEOs to observationstifier
two SDC-based premiums. However, the presencevefralesequences completed by the same CEO in
the sample may create correlations among the odtseng and bias our statistical test. Although a

classical approach to deal with this issue woukd aipanel data estimator (e.qg., fixed effect estimain

® Size is the natural logarithm of the firm markatue. Leverage is the ratio of long-term and curliabilities to total assets. The
liquidity ratio is the ratio of cash to total assefhe market-to-book ratio is the ratio of the keavalue of equity to the book
value of equity. The liquidity index is the valué aprporate control transactions during a yeamtiet to the aggregate book
value of assets of firms in each Fama/French imgust

" The estimation of the first-stage probit is avaléaupon request.
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our case, the number of repeated observations IQsG&very low. So using the estimator would mean a
strong loss of power in the statistical test duthtofewer degrees of freedom. Instead, we repofable

5 the results obtained for a subsample of obsemnatin which each CEO appears only once. When a
given CEO appears several times in our initial dampe keep only the first (in calendar time)
observation. This procedure reduces our sample sidestantially (e.g., for the AR premium and witho
control variables, our sample size falls from 3bSarvations to 163).

The results in Table 5 confirm the significant gusitive coefficients of the previous deal premium
variable and its interaction WitRCAR The statistical significance of the interactiariable between the
previous deal premium an8CARis reinforced (cf. the four-week premium with cmhtvariables in
column 6). The role of learning also receives qomdition from a subset of observations in whichweegi
CEO appears only once. The result suggests thabtihelation among observations due to the CEQceffe
influences our results, but the bias actually pkgyainst the learning hypothesis (Tables 3 and 4).

Time frameWe define an observation unit as two successive M&fisactions realized by a given
CEO-firm in a given time frame (12 months). Do tiesults depend on the time frame we choose? In
Table 6, we report the results when we use 6-m@atmel A) and 24-month (Panel B) time frames.
Column 1 contains the AR premium, column 2 the @abéfer premium, and Column 3 features the four-
week premium. We do not include the control vagabin the specifications in Table 6, because their
inclusion does not alter the results. The result®anel A of Table 6 are consistent with the resimt
Table 3, in that the coefficient of the previousldpremium and its interaction with SCAR is always
positive and significant. The role of learning alszeives confirmation, despite the significant gem
size reduction generated by shortening the timedrde.g., for the AR premium, we move from 315
observations in Table 3 to 174 observations in & &kl

In Panel B of Table 6, we use a 24-month time frawlgch increases the sample size (e.g., for the
AR premium, we increase from 315 observations 1) 4%he coefficient of the previous deal premium
remains positive and significant in the three djmations, though interaction witBCARCclearly loses

some significance. The interaction variable thusnity significant for the AR premium and the foueek
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premium, but at the 10% confidence level. Nor & ititeraction variable significant for the actuéfeo
premium (i.e., thep-value declines from 0.05 in Table 3 to 0.21 in ‘Eal). The persistent nature of the
CEO'’s bidding behavior thus is confirmed, but tbke rof learning seems to weaken when we increase th
time frame for successive deals. As Hayward (2@8phasizes, waiting too long between successive
acquisitions may hamper organizational learningpiat that appears true at the CEO level.

Learning and CEO incentive®atta et al. (2001) report a strong relation betwd¢lee CEO’s
compensation structure and corporate acquisitiorisid® performance, such that CEOs with higher
equity-based compensation pay lower premiums, aedargets with more growth opportunities, and
create more value after the acquisition. Grinsggid Hribar (2004) find a positive relationship beén
cash bonuses paid to CEOs for acquisitions and ures®f effort, though these cash bonuses do not
appear to be related to deal performance. Kau .e{2808) also show that the likelihood of deal
cancellation (or consummation) following negatiyp®gitive) announcement abnormal returns is higher
when managers’ compensation is more sensitive tibnpeance. Following these results, we analyze
whether the structure of the compensation contedfdcts the CEO’s learning process in serial
acquisitions. Our empirical set up allows for sachinvestigation.

We define the variabl€EO incentiveas the ratio of the CEQ’s variable remuneratiopti¢ms
awarded, bonuses, and stocks granted) to the CHfde$ remuneration, according to Compustat
ExecuComp. The CEO incentive variable interacth wiite cross-product between-deal premium and
SCARto form a new variable. We then add this new \mdeizas an additional explanatory variable in
Equation 2 to form the following model:

Premiumy = ap + a1 Premium,_; + a, (Premiumy_; x SCAR1) + az (Premium,_; X SCAR;; X CEO

Incentivg + f Control, + &;. 3)
As the results in Table 7 reveal, including the newiable affects the impact of the interactioniafale
between previous deal premium aB@ARon the bid premium. The coefficient is not significant at
conventional levels in five of six specificatiomsTable 7; it is only significant at the 8% leveldolumn

2. The coefficient of the new variable;) is statistically significant in three specifiaats, which suggests
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to some extent that the learning process in sadauisition is sensitive to the CEQ’s incentive kzaye.
Consistent with Kau et al. (2008), CEOs with lavgeiable components appear to pay more attention to

market reactions after they have already undertakguisition decisions.
5. Conclusion

Recent academic studies indicate that acquirer®R€decline from deal to deal in M&A programs.
How can we interpret such empirical evidence? Tiestion is one of importance. Toward the end of the
1990s, at the crest of the M&A wave, the aggredatd value of year 2000 acquisitions initiated b$.U
bidders reached $1.1 trillion. With a total marketpitalization (NYSE, AMEX, and NASDAQ) of
approximately $15.5 trillion at the end of the sayear, acquisitions amounted to roughly 7% of total
market capitalization. Might such a huge econorestructuring process result, on average, from bubri
infected CEOs? Why would important economic deaisitakers be so prone to irrationality?

In response, ADR provide an alternative explanatimsed on CEO learning through the acquisition
sequence. We test the main implication of the legrhypothesis, which states that through a Bapesia
updating procedure, learning CEOs increase thdilib§ aggressiveness from deal to deal after pesiti
investor reactions to previous acquisitions andoadamore conservative approach after negativestove
reactions to previous acquisitions.

Our empirical evidence derives from a sample otsssive deals realized by the same CEO during a
12-month time frame during 1992-2007. We estimatgreamic model of the CEO’s bidding behavior by
conditioning the bid premium in the current deal1d the bid premium in the previous deal and (&) t
interaction between the bid premium for and thegter reactions to the previous deal. We obtainltes
consistent with the learning hypothesis.

Our results also emphasize the persistence of B iiidding behavior: CEOs who bid high continue
to bid high (and vice-versa). Bidding persistenseaisource of heterogeneity in the CEOs’ bidding

behaviors ignored up to now in the literature. Welfy explore the interaction between CEO learning
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and the CEO compensation contract structure amnddere@ome evidence that the incentives received by

the CEO is one of the factor driving learning.
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Appendix: Variable definitions
(Compustat is the source of variables referrdaytiilem number)

Variable Description

Dependent Variable

The ratio of the total consideration offered relatio the target market value estimated

Actua_l Offer 42 days before the announcement date, adjuste#teédrito account the percentage of
Premium . .

shares acquired (source: Thomson-Reuters SDC).

The share price offered by the winning bidder tgeashareholders deflated by the
Four-Week . . )
Premium price of the target four weeks prior to the ann@ment date (source: Thomson-

Reuters SDC database).

The sum of the target daily abnormal returns (ARijf day —42 to the delisting date or
Abnormal Return | to day 126 relative to the announcement date. DRy are from the Beta-one model,
Premium which subtracts the daily market portfolio returorfi the daily return of each
company. The selected market portfolio is the dedlipie-weighted CRSP index.

Market Signals

The acquirer’s standardized CARs from day -5 to-@yrelative to the announcement
date of the previous deal. Daily abnormal retumescemputed following the same
SCAR method as that for the abnormal return premium.sthedard deviation used to
standardize the CAR corresponds to eleven timesdtiance of the daily abnormal
returns from day —242 to day —43, relative to theancement date

Control Variables

Stock Dummy variable: 1 for purely stock-financezhls$, O otherwise.

Natural logarithm of the market value of equity ifrler of shares outstanding

Target Size multiplied by the stock price) at day —42 relativghe announcement date.

Market value of assets over book value of assiésn§ — item60 + item25 x item199)

Tobin’s g Ratio / item6.

Toehold Percentage of target stocks held by theieagprior to the announcement date.

Dummy variable: 1 for deal in which both the bidded the target are in the same
Fama-French industry. We use the Fama-French 4&indclassification scheme,

Related Deal after obtaining SIC codes from the CRSP databadeamnverting them using the table
provided by Kenneth French on his Web &ite.
To proxy for the acquirer’s corporate governancalityy we use the Gompers et al.’s
GIM Index (2003) index, which is constructed using informatimom the Investor Responsibility
Research Center (IRRC) database. Higher indexdeatespond to more managerial
power.
Institutional Percentage of target firm’'s equity owned by insititoal investors, as in Gaspar et al.
Ownershi (2005), using SDA/Spectrum as database. The varialthgged by two quarters with
P respect to the deal announcement quarter.
Institutional Herfindahl index of the institutional investors sfaoldings in the target, as in Gaspar
Concentration et al. (2005), using SDA/Spectrum as data source.Variable is lagged by two

guarters with respect to deal announcement quarter.

The ratio of the CEO variable remuneration (optiansrded, bonuses, and stocks
granted) to the CEO total remuneration, using CastgitExecuComp as data source.
The ratio is measured at the end of the year foithie year of the acquisition
announcement.

CEO Incentive

8 http://mba.tuck.dartmouth.edu/pages/faculty/kendhédata_library.html
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Table 1
Sample distribution by announcement year

This table reports the number of observatioN} dnd average deal size (million $) per year fa three bid
premium definitions (see the Appendix for the vialgadefinitions). An observation is a sequencenaf successive
deals undertaken by the same CEO-firm within a d&tintime frame. If the two successive deals areapover
two years, the year of the observation is the yéahe more recent dedlnique CEOgives the total number of
uniqgue CEO-firm couples completing two successeaslat least once within a 12-month period.

Panel A Panel B Panel C
Year Abnormal Return Premium Actual Offer Premium Four-Week Premium
N Deal Size N Deal Size N Deal Size
1992 4 97 1 68 4 97
1993 12 165 12 165 11 169
1994 20 419 16 293 10 246
1995 22 569 14 286 12 454
1996 30 525 22 342 27 508
1997 40 1,745 33 677 39 1,761
1998 32 5,080 28 5,053 31 5,229
1999 54 2,214 a7 2,394 52 2,255
2000 28 2,807 26 2,694 31 2,683
2001 13 1,199 10 1,085 13 1,137
2002 9 1,013 6 1,288 6 1,306
2003 14 670 14 670 13 480
2004 15 856 13 934 13 912
2005 8 1,920 6 1,912 9 2,566
2006 10 5,301 9 5,875 9 5,429
2007 4 1,283 3 840 4 1,283
Total 315 260 284
Unique CEO 235 191 212
Average 1,873 1,814 2,017
Median 369 363 383
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Table 2
Summary statistics

This table reports the sample period means and angdior the three premium definitions and the aeqsi
cumulative abnormal returns (see the Appendix fog variable definitions). The indicesand t-1 denote,
respectively, the current and previous deal byargiCEO in a sequence of two deals undertakenmwitBimonths.
The final column displays thp-value from a different of means tedl. and %Negativedenote the number of
observations and the proportion of negative valngkse sample for the corresponding variable, retbpaly.

Dealt Dealt-1 p-value

Panel A. Abnormal Return Premium

N 315 315
Mean 32.33% 34.13% 0.68
Median 28.11% 29.62%
%Negative 12.06% 13.33%
Panel B. Actual Offer PremiunNE260)
N 260 260
Mean 67.84% 71.97% 0.54
Median 53.88% 56.59%
%Negative 2.30% 3.40%
Panel C. Four-Week PremiuriN£284)
N 284 284
Mean 40.82% 43.20% 0.54
Median 35.33% 35.93%
%Negative 3.87% 2.82%
Panel D. Acquirer CARN=381)
N 381 381
Mean -1.10% -0.12% 0.24
Median -1.31% -0.78%
%Negative 58.53% 54.86%
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Table 3
Explaining the bid premium with market signals: Olggression

The dependent variable is the bid premium. An olzd&m is a sequence of two successive deals waiagrtby the
same CEO—firm within a 12-month time frame. Colubnincludes only the control variables in the sgeatfon. For

each premium definition, we provide a model withantd with control variables. Variable definitioneean the

Appendix.R2 andF-Statisticdenote the r-square and the Fisher statistidi®reégression, respectiveR:values are
obtained using the bootstrap procedure describe@dation 3.3 and reported in parentheses underrbath
coefficient estimates.

. Abnormal Return Actual Offer Four-Week
Dependent Variable . . .
Premium Premium Premium
) ) ) 3 4) ®) (6)
Intercept 0.745 0.227 0.604 0.498 0.993 0.334 0.480
(0.00) (0.00) (0.00) (0.00) (0.00) (0.00) (0.00)
Premium. 0.275 0.213 0.255 0.201 0.175 0.125
(0.00)  (0.00) (0.00) (0.00) (0.00) (0.04)
Premium ,x SCAR 0.080 0.151 0.056 0.055 0.037 0.064
. = (0.04) (0.00) (0.05) (0.07) (0.08) (0.00)
Stock -0.002 0.008 -0.054 0.030
(0.88) (0.72) (0.24) (0.32)
Target Size -0.056 -0.048 -0.059 -0.030
(0.00) (0.00) (0.00) (0.03)
Acquirer Tobin'sq 0.040 0.028 0.032 0.029
(0.00) (0.09) (0.17) (0.08)
Target Tobin'sg -0.004 0.021 0.065 0.023
(0.59) (0.12) (0.01) (0.15)
Toehold -0.123 -0.127 0.154 -0.005
(0.02) (0.15) (0.23) (0.94)
Related Deal 0.003 -0.001 -0.032 -0.030
(0.83) (0.95) (0.47) (0.38)
. -0.009 -0.010 -0.023 -0.006
Acquirer GIM Index (0.00) (0.18) (0.03) (0.28)
Acquirer Inst. Ownership -0.082 0.002 -0.180 0.056
(0.02) (0.95) (0.05) (0.24)
Acquirer Inst. Concentration 0.006 -1.266 0.177 -0.301
' (0.98) (0.01) (0.76) (0.36)
Number of observations 885 315 194 260 174 284 8 16
AdjustedR? 1091% 10.1%  26.6% 9.2%  24.9% 5.2% 15.7%
F-Statistic 11.90 17.51 5.98 13.01 4.89 7.66 2.64
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Table 4
Explaining the bid premium with market signals: Fatage least square regression

This table reports the second-stage regressiontwbastage least squares approach. The dependeableais the
bid premium (see the Appendix for the variable migfins). The first-stage probit is not reportddeckman’s
Lambdais the inverse Mills ratio, obtained using the tstage Heckman (1979) procedure described in Se8ti&
R2 and F-Statisticdenote the r-square and the Fisher statistichfierrégression, respectiveR-values are obtained
using the bootstrap procedure described in Se@iBnand reported in parentheses underneath thdicieetf
estimates.

Dependent Variable Abnormal Return Actual Offer Four-Week
P Premium Premium Premium
(1) (2 ©)) (4) ) (6)
Intercent 0.195 0.576 0.396 1.016 0.324 0.405
P (0.01) (0.00) (0.00) (0.00) (0.00) (0.00)

0.291 0.195 0.252 0.182 0.164 0.127
(0.00) (0.00) (0.00) (0.01) (0.00) (0.03)
0.090 0.153 0.068 0.054 0.043 0.061
(0.05) (0.00) (0.04) (0.09) (0.08) (0.02)

Premium,

Premium; x SCAR_;

Stock -0.003 -0.063 0.016
(0.93) (0.20) (0.50)
Target Size -0.042 -0.053 -0.018
(0.01) (0.00) (0.08)
Acquirer Tobin’sg 0.027 0.035 0.027
(0.15) (0.13) (0.09)
Target Tobin'sg 0.024 0.067 0.027
(0.07) (0.00) (0.05)
Toehold -0.143 0.262 -0.003
(0.12) (0.10) (0.98)
-0.015 -0.025 -0.052
Related Deal (0.64) (0.59) (0.19)

. -0.007 -0.024 -0.001
Acquirer GIM Index (0.25) (0.04) (0.72)
Acquirer Inst. Ownership -0.001 -0.185 0.048

: (0.99) (0.08) (0.27)
Acquirer Inst. Concentration -1.376 -0.003 -0.354
(0.00) (0.98) (0.29)
Heckman’s Lambda 0.014 -0.012 0.081 -0.032 -6E-5 -0.023
(056)  (0.72)  (0.19)  (0.42)  (0.99)  (0.31)
Number of observations 290 186 240 166 263 161
AdjustedR? 11.79% 27.61% 10.30% 25.74% 5.82% 19.38%
F-Statistic 12.74 5.50 9.04 4.42 5.33 2.97
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Table 5
Explaining the bid premium with market signals: GE@ith single sequence

The dependent variable is the bid premium. An olzd&m is a sequence of two successive deals waiagrtby the
same CEO-firm within a 12-month time frame. The gl@nincludes only unique CEOs. If a CEO has un#teria
more than one sequence of two acquisitions witlinmionths, we include only the first observationr Each
premium definition, we provide a model without amith control variables. Variable definitions aretive Appendix.
R2 and F-Statisticdenote the r-square and the Fisher statistichferrégression, respectiveR-values are obtained
using the bootstrap procedure described in Se@®i@nand reported in parentheses underneath thdicieetf
estimates.

Abnormal Return Actual Offer Four-Week
Variable Premium Premium Premium
(1) (2 (3 (4) () (6)

0.224 0.528 0.519 0.736 0.362 0.402
(0.00) (0.00) (0.00) (0.00) (0.00) (0.01)
Premium. 0.326 0.210 0.293 0.258 0.134 0.132
(0.00) (0.00) (0.00) (0.00) (0.00) (0.01)
Premiumm. x SCARL, 0.121 0.138 0.078 0.036 0.038 0.049
(0.00) (0.00) (0.00) (0.10) (0.03) (0.04)

Intercept

Stock 0.013 -0.107 0.021
(0.65) (0.00) (0.42)
Target Size -0.040 -0.043 -0.025
(0.00) (0.00) (0.06)
Acquirer Tobin’sg 0.022 0.004 0.033
(0.25) (0.82) (0.07)
Target Tobin'sg 0.033 0.113 0.034
(0.03) (0.00) (0.03)
Toehold -0.120 0.239 0.061
(0.08) (0.04) (0.54)
0.090 0.079 0.010
Related Deal (0.01) (0.02) (0.72)
Acquirer GIM Index ((())(i%; ((())8;)5 (%%%j'
Acquirer Inst. Ownership -0.032 -0.194 -0.011
(0.24) (0.01) (0.75)
Acquirer Inst. Concentration -1.779 -0.920 -0.136
(0.00) (0.02) (0.59)
Number of observations 163 112 132 97 151 98
AdjustedRz 16.17% 30.40% 14.51% 45.89% 3.79% 16.38%
F-Statistic 15.43 3.97 10.95 6.55 2.92 1.53
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Table 6
Explaining the bid premium with market signals:ekhative time frames

The dependent variable is the bid premium. An olzd&m is a sequence of two successive deals waiagrtby the
same CEO-firm within 6-month or 24-month time fram®ariable definitions appear in the Append®R.andF-
Statisticdenote the r-square and the Fisher statistichierégression, respectiveR-values are obtained using the
bootstrap procedure described in Section 3.3 gmotted in parentheses underneath the coefficidimates.

Panel A. Two successive deals within a 6-month firaeme

Variable Abnormal Return Actual Offer Four-Week
Premium Premium Premium
Intercent 0.199 0.448 0.356
P (0.00) (0.00) (0.00)
Premiu 0.385 0.338 0.164
M (0.00) (0.00) (0.00)

. 0.079 0.046 0.064
Premiunm; X SCAR 1 (0.09) (0.14) (0.02)
Number of observations 174 150 157
AdjustedR? 17.32% 14.30% 8.34%
F-Statistic 17.91 12.26 7.00

Panel B. Two successive deals within a 24-montle fiame

Variable Abnormal Return Actual Offer Four-Week
Premium Premium Premium
Intercent 0.229 0.505 0.358
P (0.00) (0.00) (0.00)
Premiu 0.273 0.261 0.061
M (0.00) (0.00) (0.02)

. 0.048 0.026 0.034
Premiunm; X SCAR.4 (0.09) (0.21) (0.07)
Number of observations 468 387 420
AdjustedR? 7.80% 7.31% 1.76%
F-Statistic 19.69 15.14 3.73
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Table 7
Explaining bid premium: Learning and CEO comperusati

The dependent variable is the bid premium. An olzd&m is a sequence of two successive deals waiagrtby the
same CEO-firm within a 12-month time frame. Forhepemium definition, we provide a model withoutlamith
control variables. Variable definitions are in tAppendix. R2 and F-Statistic denote the r-square and the Fisher
statistic for the regression, respectivétyvalues are obtained using the bootstrap procedieseribed in Section 3.3
and reported in parentheses underneath the ceeffiestimates.

Abnormal Return Actual Offer Four-Week
Variable Premium Premium Premium

(1) ) 3) (4) (5) (6)

0223 0556  0.497 0.883  0.332  0.403
(0.00)  (0.00) (0.00) (0.00) (0.00)  (0.02)
Premium. 0.286 0.230 0.249 0.209 0.178  0.182
(0.00)  (0.00) (0.00) (0.01)  (0.00)  (0.01)

Premium.. x SCAR. 0.034 0094 0010 0.010 0.032 -0.014
1 1 (0.38) (0.08) (0.62) (0.63) (0.16)  (0.56)

0.041 0048 0.050 0.051 0.004  0.066
(0.15)  (0.18)  (0.00) (0.01)  (0.66)  (0.00)

Intercept

Premium; x SCAR_; x CEO Incentive

Stock 0.038 -0.048 0.009
(0.27) (0.23) (0.70)
Target Size -0.031 -0.061 -0.048
(0.02) (0.00) (0.00)
Acquirer Tobin’sg 0.018 0.011 0.019
(0.15) (0.36) (0.08)
Target Tobin'sy 0.033 0.083 0.029
(0.07) (0.00) (0.05)
Toehold 0.067 0.237 -0.097
(0.39) (0.11) (0.28)
-0.018 -0.003 0.014
Related Deal (0.53) (0.95) (0.58)
Acquirer GIM Index ((())(;(E)):)L (%%]é? (?)2?5?
Acquirer Inst. Ownership 0.075 -0.131 0.016
' (0.12) (0.10) (0.64)
Acquirer Inst. Concentration -0.464 0.227 -1.310
: (0.23) (0.67) (0.03)
Number of observations 314 194 259 174 283 168
AdjustedRz 10.94% 27.85% 12.42% 29.43% 5.22% 18.83%
F-Statistic 12.69 5.82 12.05 5.59 5.13 3.00
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